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Abstract

Objective: To identify the lipid metabolism-related genes (LMRGs) in endometrial cancer, ex-
plore the role of lipid metabolism in the development and diagnosis of endometrial cancer, find poten-
tial therapeutic targets for endometrial cancer treatment, and establish a prognosis model. Methods:
Clinical information and corresponding RNA data of endometrial cancer patients were downloaded
from the Cancer Genome Atlas (TCGA) database. Subsequently, LMRGs were identified using
LLASSO and Cox regression analysis to determine those significantly associated with patient progno-
sis. Based on these analyses, a model was developed to predict patient prognosis. Additionally, a no-
mogram incorporating risk models and clinical variables was constructed to estimate the survival proba-
bility in endometrial cancer patients. Results: Nine LMRGs, ACOT11, CYP1A2, GDPD5, MO-
GAT3, OLAH, PIASS4, PIP5KI1C, PLPP2, and SRD5A1 were found to be closely associated

with the clinical prognosis of endometrial cancer patients. The prediction model constructed by the
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above 9 LMRGs can effectively distinguish high-risk patients from low-risk patients (P<Z0. 05), and

predict the survival probability of endometrial cancer patients. Conclusion: The expression levels of

LMRGs are associated with the immune microenvironment in endometrial cancer patients and can be

utilized to accurately predict their prognosis.
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