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Abstract: In order to improve the generation efficiency and quality of spatio-temporal data document achievement, reduce the work’s cost, we

proposed a Textual-Feature BERT text error correction model for a specific investigation work. We designed a spatio-temporal data standardized

document generation algorithm, which intelligently extracted the attribute data through custom-defined data extraction rules, and automatically

compiled the spatial data achievement map, achieving the goal of generating document achievements quickly and conveniently. The algorithm

proposed in this paper has been applied in geographical conditions monitoring, comprehensive risk census of natural disasters, and remote sensing

monitoring of illegal construction, with the error correction accuracy of incorrect characters reaching 95% or above and the accuracy of text

filling reaching 93%, which show that this algorithm has certain application value and can be used in more similar projects.
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