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Building Extraction from Remote Sensing Images Based on Deep Residual U—Net
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Abstract: Building extraction is a core research topic in the field of remote sensing technology. We proposed a model named deep residual U-Net

for automatic building extraction from remote sensing images. The model integrates strategies such as U-Net architecture, residual learning,

ASPP multi-scale analysis, and focal loss function, aiming to overcome the limitations of traditional methods. By utilizing an improved residual

learning module, the network parameters are reduced, and the degradation problem common in deep neural networks is alleviated. ASPP is em-

ployed to capture multi-scale features and contextual information. The focal loss function is introduced to enhance the building recognition capa-

bility. Experiments on the WHU image dataset demonstrate that this method exhibits significant advantages in extraction accuracy, boundary

delineation, and multi-scale information processing, providing a solid theoretical and practical foundation for building extraction in the field of

remote sensing image processing.
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