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Abstract: Laser point cloud data often exist a lot of anomalous outliers, the RANSAC algorithm is able to manually set the distance threshold for

the outliers to be eliminated, but the selection of distance threshold is very delicate. To address this problem, we proposed a robust eigenvalue

method based on threshold improvement. The distance threshold was dynamically adjusted by the standard deviation of distance from the sample

points to the fitting plane, while the expected percentage of number of interior points was utilized to evaluate the effect of each algorithm

iteration. A subset of the optimal interior points was obtained and then fitted to the plane by the eigenvalue method. We used the least squares

method, eigenvalue method, robust eigenvalue method to compare with the method in this paper. The results show that the improved plane fitting

method is effective for the elimination of outliers, the plane fitting accuracy is relatively high, and the probability that the percentage of internal

points reaches the standard is greatly improved, thus indirectly improving the efficiency of algorithm.
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