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Abstract: Taking the high-resolution remote sensing images in 2023 as the data source, we used seven classification methods to extract the

classification information of a provincial nature reserve, and evaluated their accuracy at first. Then, combined with manual visual interpretation,

we identified human activities and evaluated the impacts of human activities. The results indicate that the classification accuracy of MobileNet

model is as high as 98.44%, which is much higher than other comparative models. The main type of human activity in this provincial nature

reserve is residential areas, followed by farmland, transportation facilities, other artificial facilities and tourism development. Overall, the reserve

experiences a minor impact from human activities. Among its functional zones, the core area, buffer zone, and experimental zone are affected to a

minor, moderate, and relatively noticeable degree, respectively.
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