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Abstract: Positioning services based on global navigation satellite system (GNSS) are widely applied in cities, but positioning accuracy varies

greatly under different signal obstruction scenes. Accurate and fast scene recognition is the key to developing adaptive GNSS positioning algo-

rithms. In order to improve the accuracy and robustness of GNSS scene recognition model, we proposed a new method based on parallel-connected

long short-term memory network (PC-LSTM). Firstly, we subdivided the urban static positioning environment into five types of occlusion

scenes. Then, we constructed the feature vector based on the original observation data and the station-satellite geometric relationship, and ana-

lyzed the performance of each feature in different scenes in detail. Finally, we proposed a GNSS positioning scene recognition model based on

PC-LSTM. Experimental results show that the recognition accuracy of this model can reach 99.27%. At the same time, the training time of each

epoch and the prediction time of each sample are as low as 0.68 s and 2.07 ms, and the recognition accuracy can still reach a maximum of

98.87% even if part of the observation data is lost, which shows that the proposed model has good real-time performance and robustness.
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