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Abstract: Multi-level road selection is a core issue in map generalization. To address the limitations of existing methods that are often confined

to small-scale areas, we innovatively proposed an urban road selection method integrating adaptive features and multi-level classification. We seg-

mented the road network into stroke units through multi-attribute constraints, constructed adaptive spatial and semantic features, and leveraged

the GraphSAGE deep learning model to achieve multi-level classification training. Experimental result demonstrates that the proposed method

achieves high selection accuracy in urban road selection and has strong cross-region generalizability.
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