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Hyperspectral Image Classification Based on Spatial Neighborhood Information and

Multi—classifier Integration
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Abstract: We proposed a semi-supervised hyperspectral image classification method based on spatial neighborhood information and multi-classifier
integration, in order to address the lack of consideration for labeled sample neighborhood information and the sample size in model iterative
training. Then, we conducted the experimental comparative analysis on this method based on two hyperspectral image datasets, Salinas Valley
AVIRIS and Pavia ROSIS. The results indicate that (Dduring the initial model training, neighborhood growth is performed on labeled samples
to ensure the reliability of initial model training. 2By using SVM and MLC prediction results to comprehensively evaluate unlabeled samples,
accurate labeling can be achieved. @For the selection of model training samples, multiple voting experiments are conducted on the classification
model by extracting some samples, and the one with the most votes is taken as the final classification result, ensuring the accuracy of classification
results. The method proposed in this article can effectively improve the generalization ability of image classification model with fewer samples,
and improve classification accuracy.
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