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Abstract: With the development of street view image acquisition and processing technology, street view data has become an important carrier of
urban spatial information. In order to solve the problem of intelligent target information mining and sensitive information processing in street
view images, we divided the research objectives into the objects that need to be retrieved in management and the objects that need to be protected
in application according to different needs. For the objects that need to be retrieved, we combined the trajectory information with the automatic
recognition results to endow the recognition target with spatial location information, which could effectively improve the retrieval ability of target
information in a large range and provide technical support for street view data information mining and application expansion. For the objects that
need to be protected, we realized the processing effect of sensitive information such as faces and license plates through the optimization of sam-
ples, and constructed the process from intelligent recognition to fuzzy processing, which had strong technical versatility and could be extended to
all street view image processing processes.
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