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Abstract: Crops exhibit significant spectral characteristics in different bands, providing a natural advantage for crop classification in hyperspec-

tral images. To address spatial information gaps and inconsistent spectral responses in crop extraction from hyperspectral remote sensing images,

we proposed a crop extraction network that coupled multiple vegetation indices. We utilized vegetation indices to construct a spectral feature li-

brary, assisting in crop extraction. By introducing a scale-aware attention mechanism and a cross-channel enhancement module, we addressed de-

ficiencies in spatial description and channel correlation information. Taking wheat, a typical crop in Inner Mongolia, as the experimental subject,

the result demonstrates the significant performance of this method in crop extraction.
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