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Hyperspectral Image Classification Algorithm Based on Multi—feature

and Random Subspace Nearest Regularized Subspace

LI Qiannan', PENG Fei', YU Yao'
(1. Basic Geographic Information Center of Jiangsu Province, Nanjing 210013, China)

Abstract: The random subspaces nearest regularized subspace (RSNRS) based on a single feature has a limited accuracy, we proposed a new hy-

perspectral remote sensing algorithm named multi-feature random subspace nearest regularized subspace (MFRSNRS). Firstly, we extracted Ga-

bor features, LBP features, EMAPs features and spectral features by hyperspectral remote sensing images. Then, we selected the nearest regular-

ized subspace (NRS) as the base classifier, and used the random subspace method to construct the feature subspace. Finally, we trained the base

classifiers based on the feature subspace, and integrated the results of base classifiers to obtain the final classification results. The OA of

MFRSNRS algorithm reached 92.88% in the Indian Pines data set, which is 17.05% higher than RSNRS algorithm. The OA of MFRSNRS algo-

rithm reached 78.88% in the Pavia University data set, which is 7.73% higher than RSNRS algorithm. The experimental result indicates that the

use of multiple features has shown a certain improvement in performance.
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1 5 6626 9339 8786  89.67 98.78
2 5 18644  87.12 8605  86.14 9592
3 5 2094 4622 5667 5731 58.66
4 5 3059 63.14 6841 6840  72.28
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<
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