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Abstract: In response to the demand of power line information extraction in rapid power inspection under complex terrain, based on airborne

LiDAR data, we proposed a power line extraction algorithm based on self-adaptive neighborhood feature estimation and optimization. Firstly,

based on the elevation characteristics of power lines, we separated non power line points. Then, we constructed multi-dimensional point cloud

features based on self-adaptive neighborhood, and used the support vector machine-recursive feature elimination (SVM-RFE) algorithm to achieve

optimal feature selection. Finally, we combined the optimal features, and used SVM and random forest method to classify point cloud, achieving

the extraction of power lines. The result indicates that this method has high accuracy in power line information extraction and high applicability.
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