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Abstract: The initial weight and threshold of parameters will affect the elevation fitting of BP neural network, and the improved seagull algo-

rithm can make up the defects of BP neural network, so that the fitting model can get better parameters. In this paper, we added seagull algorithm

into the initial population of chaotic mapping and changed the inertia weights movement to improve the algorithm’s accuracy, convergence speed

and robustness. We used the optimal adaptive individual neuron connection weights and thresholds of improved seagull algorithm to establish the

prediction model of GPS elevation anomalies by using improved seagull algorithm to optimize BP neural network, and checked the model by the

actual engineering GPS elevation data. The model is checked by actual engineering GPS elevation data. The results show that the improved mod-

el proposed in this paper has higher fitting accuracy and stability than the traditional BP neural network model, and has better adaptability to the

data, which is a reliable fitting model.
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