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Remote Sensing Image Road Extraction Method Based on Attention Mechanism

WANG Ziming'

(1. Geo-engineering Investigation Institute of Jiangsu Province, Nanjing 211102, China)

Abstract: Aiming at the poor extraction efficiency and completeness of current deep learning algorithms for remote sensing image road

extraction, we proposed an improved encoder-decoder structure that combining space and channel attention mechanisms. We introduced the

SCConv module in the encoder part to compress the CNN from space and channel directions, reducing redundant features and obtaining higher

extraction efficiency. We used coordinate attention in the middle part of encoder-decoder to improve the accuracy of model in extracting the road

boundary and improve the completeness. Experimental results show that the improved attention U-Net model under the Massachusetts dataset

has a very obvious improvement over the original model in Recall, Fl-score, and IoU. The extracted road structure is more complete and

consumes less time, which proves the effectiveness of algorithmic improvement.
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