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Remote Sensing Image Classification Model for Territorial Resource

Based on Deep Learning

QIN Xian', HAO Rong’, XING Peng’, LI Yutang’
(1. Geographical Information Surveying and Mapping Institute of Guangxi Zhuang Autonomous Region, Liuzhou 545006, China;

2. 21st Century Space Technology Application Co., Ltd., Beijing 100096, China)

Abstract: Addressing the issues of low robustness and accuracy in the remote sensing image classification for territorial resource, we proposed a

classification model based on deep learning. The model utilizes an improved UNet3+ deep learning network to classify and detect the remote

sensing images for territorial resource. While preserving the full-scale skip connection and deep supervision mechanism of the original UNet3+

network, the improved UNet3+ introduces an attention mechanism to further optimize the parameters and feature extraction of deep learning net-

work, thereby avoiding overfitting and excessive computational complexity. Practical experiments have demonstrated that the remote sensing im-

age classification model for territorial resource based on deep learning exhibits excellent detection accuracy and classification performance

across different scales of remote sensing images. Specifically, when the observation scale is 500 m, the boundary segmentation error can be con-

trolled within the range of -2 m to 1 m. Compared with other deep learning networks, the improved model demonstrates superior performance in

terms of classification and detection accuracy.
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