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Building Change Detection from Remote Sensing Images Driven by Scene Classification

WANG Hang, LI Yanyin
(Yuance Information Technology Co., Ltd., Suzhou 215027, China)

Abstract: In the complex urban environments, the existing building change detection methods still face issues of false positives and missed detections,

especially when detecting changes in small targets. To address these problems, we proposed a building change detection network driven by scene

classification. Firstly, we utilized residual blocks to extract multi-scale deep features separately from bi-temporal remote sensing images. Then,

we constructed a feature difference module to achieve interactive fusion of the bi-temporal features. Finally, we built detection and classification

heads to perform fine-grained detection of change regions and to determine the existence of changes, respectively. Experimental results show that

this network significantly enhances the accuracy and robustness of building change detection, providing an effective solution for high-precision

building change detection.
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