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Mangrove Distribution Range Extraction Using GF—2 Images
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Abstract: Mangrove plays a great role in resisting waves, purifying seawater, and protecting coastlines, but the ecosystem of mangrove is

relatively simple, the buffer capacity is weak, and it is difficult to recover once damaged. Therefore, strengthening the monitoring of mangrove

wetlands and accurately grasping the distribution range and community composition of mangroves are of great significance for the ecological

balance of coastal zone and the management of wetland resources. We used object-oriented, DeepLabV3+ and other methods to carry out a

comparative research on the multi-feature extraction method of mangrove distribution range based on GF-2 images. The results show that the

DeepLabV3+ method can better express the contour details of mangroves, and is more suitable for mangrove distribution range extraction.
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