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Abstract: Surface mesh reconstruction and texture restoration play an important role in promoting the wide application of neural radiation field

(NeRF). However, existing methods are often limited to specific NeRF models and reduce rendering quality compared to implicit representation

methods. Therefore, we proposed a general mesh texture restoration method for NeRF in this paper. Firstly, we used marching cubes algorithm to

extract rough surface mesh from NeRF model. Then, we used a renderer and a color separation appearance model to optimize the surface mesh

from multi-view images and separate diffuse and highlight colors. Finally, we baked the diffuse and highlight colors into a textured image and ran

in an existing rendering framework. Experiments show that the proposed method can improve the surface mesh quality.
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