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Practical Method for Super—resolution Reconstruction of Satellite Remote Sensing Images
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Abstract: Current remote sensing image super-resolution reconstruction algorithms face challenges such as poor adaptability to complex
geographical scenarios and excessive computational resource consumption. To address these issues, we proposed a cross-platform efficient
super-resolution reconstruction method based on deep learning. Taking Real-ESRGAN as the foundational model, we initially trained model
under the PyTorch framework. Then, through framework migration techniques, we transferred the fully trained model to the domestic NCNN
framework, and used WorldView-2 satellite remote sensing image data to carry out validation. The experimental results show that this method
can significantly improve the computational efficiency, reduce resource consumption, and improve the quality of image segmentation and stitching
while ensuring good quality of remote sensing image super-resolution reconstruction. The research can solve the problems of complexity and low
efficiency in existing super-resolution algorithms, achieve cross-platform applications, help promote the process of domestic substitution, and has
good application prospects in engineering practice.
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