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Abstract: Cartography has long faced challenges such as high professional thresholds and low automation levels. We used the tool-enhanced large

language model, model fine-tuning, and Web cartography technologies to explore a cartography large models construction method. Through the

automated construction of tool sets based on large models, generation of fine-tuning samples, and domain-specific fine-tuning, we developed a pro-

totype large language model system for cartography. Experimental results demonstrate that this method can effectively understand users’ natural

language instructions, accurately call upon relevant cartographic tools, and achieve intelligent map generation. This research provides a new tech-

nical approach for intelligent cartography and offers fresh insights into the application of large language models in specialized professional fields.
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