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Res—UNet High—resolution Remote Sensing Image Semantic

Segmentation Model Integrated into CBAM

SUN Linghui', ZHAO Like', LI Chen', CHENG Ziyi'
(1. College of Information Science and Engineering, Henan University of Technology, Zhengzhou 450001, China)

Abstract: Aiming at the problems of poor recognition ability and information loss of the existing semantic segmentation methods for complex re-

mote sensing images, we proposed a semantic segmentation network model of remote sensing images based on attention mechanism. We adopted

the U-NET model with encoder-decoder architecture in the model backbone network. In order to alleviate the gradient and network degradation,

we embedded the residual structure into the backbone network, and integrated the channel and spatial attention modules to take into account the

detail features of image and model robustness. We analyzed and verified this model on ISPRS Potsdam dataset. The experimental results show

that the accuracy of Res-UNet semantic segmentation with CBAM module is better than that of traditional network model in terms of removing

noise, smoothing edge of ground objects, continuing narrow ground objects and small object segmentation.
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