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Abstract: Aiming at the problems of low power line erection in distribution network, confusion between lines and vegetation, structures and oth-

er ground objects, and difficulty in extracting large-scale lines with high precision and efficiency, we proposed a power line extraction method

based on point cloud multi-feature quantization and weighting. According to the spatial distribution characteristics of ground objects in the scene,

the method selected the features that distinguish the ground objects, and quantified the ability of features to distinguish the power lines based on

taking into account the variability and correlation of the features, realizing the separation of power lines and surrounding ground objects. We se-

lected point cloud data of power distribution network with different scales and terrain complexity in three scenes to verify the method's validity.

The experimental result shows that the power line extraction accuracy can reach 97.6%.
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