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Abstract: Aiming at the differences of quasi geoid refinement based on BP neural network in mountainous and plains, we used a method combin-

ing BP neural network with residual elevation anomaly to establish the nonlinear function relationship between residual elevation anomaly and

coordinates. Then, taking a southern mountain area and a plain in north China as the research objects, we compared and analyzed the precision of

quasi geoid refinement based on BP neural network in different terrain regions. The results show that quasi geoid refinement based on BP neural

network can reach a high precision within £5 cm both in a mountain area and in a plain, and the precision in a plain is higher than that in a moun-

tain area. Therefore, BP neural network can be further used for the quasi geoid refinement in different kinds of terrain, and its precision can meet

the needs of 1 : 500~1 : 2 000 large-scale topographic map survey.
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