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Based on Remote Sensing Cloud Computing Platform

LI Shihua', LIU Kaitong', HE Ze', ZHANG Zijian', GUO Jiaxuan'

(1. School of Resources and Environment, University of Electronic Science and Technology of China, Chengdu 611731, China)

Abstract: Sichuan Basin is a key region for rice cultivation. Identifying rice planting area contributes to rice yield estimation and agricultural pol-

icy formulation. We proposed a novel method to identify rice planting area in Sichuan Basin by using Sentinel-1 SAR data and remote sensing

cloud computing platform. Then, we conducted large-scale spatio-temporal analysis through the abundant storage and computational resources

provided by the PIE-Engine platform. We defined the key phenological windows based on agricultural census information and applied a

multi-temporal mean filter to suppress temporal noise. Meanwhile, we adopted a hierarchical classification scheme to distinguish non-rice fea-

tures and used the OSTU algorithm to adaptively determine classification thresholds. Applying this method to identify rice planting areas in Sich-

uan Basin for the year 2020, we achieved an overall accuracy of 82%, aligning well with official agricultural statistics. This method efficiently

identifies rice planting area without the need for training samples or empirical thresholds, and holds promise for broader applications on a large

scale, providing essential information to ensure national food security and social stability.
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