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Application of Dual—channel Concerlutional Neural Network in Image Fusion
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Abstract: We used Landsat 8 remote sensing satellite image data to make the image fusion dataset, put forward a dual-channel fusion network,

evaluated the performance of this network by the quality index of remote sensing images, and analyzed the differences between the network and

bicubic interpolation and GS image fusion methods. The results show that the network proposed in this paper can strengthen the extraction of

high-frequency spatial information. While extracting spatial features more efficiently, it also weakens the influence on the spectral features of

multi-spectral images during the fusion process, thus improving the comprehensive image quality of fusion images(QNR = 0.885 2).
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