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Review on the Detection and Processing of Cloud in Remote Sensing Data
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Abstract: Extensive research into the detection and processing of clouds in remote sensing data has led to the development of different methods,

but subsequent categorization and analysis of these findings are largely pending, which now hinders further research. To address this issue, we an-

alyzed representative research findings and gave a brief review on current algorithms of cloud detection and processing. The result shows that

mainstream algorithms can effectively deal with current demands, but cannot effectively meet future requirements due to the lack of full use of all

available features. The comprehensive application of deep learning based on open source online platform and multi-temporal and multi-source re-

mote sensing data processing can effectively deal with cloud detection and processing.
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