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Abstract: The changes of building height can be effectively detected by using the dense matched point clouds of images. We proposed a building

change detection method based on dense matched point clouds of images that integrating deep neural network and spatial voxels. Firstly, we

constructed an attention-driven deep neural network. Then, we used the cloth simulation filtering algorithm and vegetation indexes to remove the

ground points and vegetation points respectively. Finally, we detected the changed buildings by comparing spatial voxels. The experimental

results show that the miss detection rate of proposed method achieves 0%, and the false alarm rate is reduced by 48.64% compared with the

traditional method, which illustrating that this method has the potential to greatly improve the efficiency of illegal building detection, meets

the requirements of practical applications.
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