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Abstract: Hyperspectral signal identification by minimum error (HySime) is an algorithm for estimating the number of hyperspectral endmem-

bers. The algorithm uses multiple regression to estimate the signal and noise correlation matrix, and then uses a eigenvector subset of signal corre-

lation matrix to represent the signal subspace. In order to scientifically evaluate HySime algorithm, we estimated the endmember number of

Gaussian white noise, Gaussian colored noise simulated hyperspectral data with different signal-to-noise ratios and the real hyperspectral data of

Matiwan Village. Experimental results show that HySime algorithm has strong adaptability and good stability, does not need to input any parame-

ters during the calculation process, and can accurately estimate the endmember number of hyperspectral data.
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