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Knowledge Extraction Method for Raster Chart Based on Text Parsing
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Abstract: Raster charts contain rich spatio-temporal meanings while text information is the main embodiment of their knowledge characteristics.

We proposed knowledge extraction method for raster chart based on text parsing. Firstly, we used CRAFT+CRNN to locate and vectorize the

chart text information. Then, we figured out structural characteristics of common chart data, and put forward template and machine learning to

judge the structural category of text blocks after analyzing numerous sample data. Finally, we constructed the knowledge label system of raster

charts by using natural language processing. The results show that this method can improve accuracy in the vectorization of text location and the

structure judgment of text blocks in raster charts, extract the knowledge contained in the chart, construct the knowledge label system of raster

charts, and provide support for the rapid retrieval and understanding of massive data.
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