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Visual SLAM Algorithm Based on Demotion Fuzzy

HE Liang', HUANG Jinsong'
(1. School of Geodesy and Geomatics, Wuhan University, Wuhan 430079, China)

Abstract: Aiming at the problem of image motion fuzzy caused by high speed camera motion in visual SLAM decreasing the localization accura-

cy, we used a demotion fuzzy method based on generative adversarial network to correct the motion fuzzy of image, applied it to visual SLAM al-

gorithm, and proposed a key frame screening and maintenance method based on sliding window. We tested it in a data set. The results show that

the key frame maintenance method can effectively reduce the computation amount and improve the computation efficiency. The visual SLAM al-

gorithm combined with demotion fuzzy can improve the effect of feature point extraction and matching, and improve the accuracy of SLAM algo-

rithm under the condition of camera intense motion.
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