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Abstract: Aiming at the missed and misclassified problems caused by “the same thing with different spectrums, different things with the same

spectrum” in currently popular supervised classification, unsupervised classification and fuzzy classification methods, the object-oriented CART

decision tree classification method can be used to solve this problem. This method incorporates shape and texture features for classification, and

uses a secondary classification system to solve the misclassification problem of similar features due to different spectra and textures, in which the

effect is better. In this paper, we used the GF-1 remote sensing images of Lucheng Town in Chuxiong City in 2013 to carry out land use classifica-

tion. The results show that (Dthe object-oriented CART decision tree classification based on 19 feature variables selected from spectrum, shape

and texture information, with a total accuracy of 90.22%. Among them, the best effect belongs to the classification of forest. 2 The secondary

classification system solves the misclassification problem of cultivated land and bare land caused by the diverse spectral and texture characteris-

tics, whose total accuracy is increased by 7.06%, and the Kappa coefficient is increased by 8.17 %.
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