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Progressive Densification Point Cloud Filtering Method Based on
Terrain Pre—classification
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Abstract: The classic progressive TIN densification(PTD) algorithm using fixed parameter configuration can hardly perform well in the areas

mixed with flat-ground and mountainous terrains. To solve this problem, we proposed an improved PTD algorithm based on terrain pre-classifica-

tion. We adopted a single set of parameters for initial filtering, and obtained the terrain pre-classification results at first. Then, according to the ter-

rain characteristics of flat-ground and mountainous, we used different sets of parameters for secondarily filtering, generating the refined filtering

results under different terrains. Finally, we merged the ground points extracted from different terrains to generate the filtering results. The experi-

mental results show that the root mean square error of the digital elevation model generated by the improved PTD algorithm is 1.733 m, which

significantly outperforms the classic method.
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