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Abstract: The trajectory big data containing static road network characteristics and dynamic traffic characteristics has the characteristics of

multi-source heterogeneous, which brings some difficulties to traffic knowledge analysis and mining. In recent years, knowledge graph is an ef-

fective means to fuse, align and process multi-source heterogeneous data. Based on the trajectory big data, we realized the construction of bot-

tom-up driver travel knowledge graph from the structured data, and restored the spatio-temporal relationship and semantic association in the tra-

jectory data. Specifically, we used RDF Mapping to extract knowledge and map structured data to RDF data. Then, we stored the extracted knowl-

edge in Neo4dj, complemented the new knowledge, and integrated it into the static road network topology. The effective construction of driver

travel knowledge graph has laid a good foundation for traffic travel knowledge query and reasoning. At the same time, the explored method of

constructing the knowledge graph from the structured data can be extended to the structured data in other fields, which promotes the application

of the knowledge graph.
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