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Abstract: Urban rain and flood disasters occur frequently, and it is urgent to quickly grasp the type and location of “call for help” events in the

process of disasters, and to carry out mapping. We proposed a text mining method based on network shared document. We used kernel density es-

timation and nearest neighbor analysis methods to analyze the spatio-temporal distribution characteristics of different “call for help” events.

Taking the widely disseminated network shared documents during the rain and flood disaster in Henan for example, we verified the feasibility of

the scheme. The results show that different types of “call for help” events in the process of urban rain and flood disasters have great differenc-

es in the diffusion rule. Most of the rescue events show a clustering pattern in time and space. The disaster analysis and emergency mapping

based on network shared document can make up for the shortcomings of traditional rain and flood disaster monitoring methods in terms of timeli-

ness and time granularity.
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