2023 4 8 A it I =

FH21 5% 8 H

Jal & 2
GEOSPATIAL INFORMATION

Aug., 2023
Vol.21, No.8

JE N PLiE

g%,

AL EER(N

RBEE,

PR o 5 TR VA1

MEE, B &'

(1. b= AR e, 96 2RI 4300715 2. SBT3 E AR IR AR AT, 96 dkB 433299)

B E: RAWGER SR T @ e AL AL R L]

AR RPOOIL T AR — R E T, =g TR a AT REE—

RHE . HAEFLW ARSI B ML AR, AT RAME B DL S AR TR, Rh— AW A B rn 2 R R S

ORI v IS A L AR AR B AR R A Sk, kIR S

20 R ) W X T AU B S5 24 2+ Moravec, Harris, Forstner,

SUSAN, FAST. DoG. Hessian Lk 6935 3E £ A . HFAE SR 58 2 A A 27.1%, KA 50.2%; T H| A B &kee 5L 77 &,

Ao Rk B A ARR IR Lk, AR R R Yk i @ A R IR S
KB RS
FESES: P231

BAFIE EEATHAR R — A G T ik, ik R BGRA S E N,
:J(—'f?»’%&ih Harris "0 M &4, By3fvm i % 4%
XHktRERD: B

NXEHS: 1672-4623 (2023) 08—0028—05

Research on Sub—pixel Location of Feature Point for UAV Remote Sensing Image
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Abstract: In view of the high precision solution of UAV remote sensing image, we proposed a feature point sub-pixel locationalgorithm combin-

ing feature point local response function anda paraboloid function. In this paper, we selected four sets of different areas of UAV remote sensing

image data to verify Moravec, Harris, Forstner, SUSAN, FAST, DoG and Hessian algorithms.The results show that the percentage improvement

of feature point accuracy is 27.1% to 50.2%.The method of using aparaboloid function to fit the local response of the feature point to improve the

locationaccuracy of feature points is more effective and versatile.
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