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Abstract: Address, as an important fundamental data resource in social development, has become an essential component of urban geo-spatial da-

ta construction. Geographical name matching aims to compare paired strings representing the same real-world location. Current geographical

name matching methods rely on either independent string similarity or a combination of multiple similarity metrics, which fail to effectively cap-

ture character substitutions involved in geographical name changes due to language and cultural variations. We proposed a geographical name

matching method based on XLNet algorithm, which using a deep neural network to classify a pair of geographical name as match or non-match.

The method based on long-term memory uses bidirectional information flow attention masks to reconstruct event sequences, establishing repre-

sentations by using the bidirectional information of sequence. The experimental result demonstrates the effectiveness of this method in addressing

the issue of lengthy address matching. The model can more comprehensively capture the semantic information conveyed within the context,

which outperforms previous studies on single similarity metrics and supervised machine learning methods.

Keywords: geographical name matching, geographical name entity, XLNet, Softmax regression model
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