2024 11 A
FH225% 11

M 3 =2 )8l TR

GEOSPATIAL INFORMATION

Nov., 2024
Vol.22, No.11

IEEFNERASUE S £ 51 2 R PUN MR e

mER, W MY, FEET, B

AL, x B, F B

(1. RO SRR AR, Wi 200 4302235 2. HEHFRY: (R WS EE TR, Wi &I 430078)

W OE: AAHSRESITIZGARTELERERFE, EEREAFLAARE, #H T —FE T ST-DBSCAN ) % /L
BAFRESN G &, ATE K. BF S AN TR RNY SF A SR, WAL SRR R B, HR

R AES A

BE AR F IR0 F T Rk, ERESEBBA S @, SR AR EN RO RES T RIES, Wi asek

W TS, EARHE T @, B4 T K-dist B 5.5 KRGk, BARELER E mS e #, A3 iE % 1426 B

FIERFW, %7 ik he R B AR 3 SR = AR 6 JR R R
X S AaMEsE; R4 ES; ST-DBSCAN; &8 T2

FESES: P208 XERFRETS: B

T 2k iR TG AR,

NXEHS: 1672-4623 (2024) 11-0049-04

Integrated Road Engineering Planning for Multiple Spatio—temporal

Objects Clustering Analysis

HAN Cuiyan', HAO Yue’, LI Deyong', LUO Le', WEN Xing', LEI Huo'
(1. Wuhan HopeTop Technology Co., Ltd., Wuhan 430223, China;

2. School of Geography and Information Engineering, China University of Geosciences (Wuhan), Wuhan 430078, China)

Abstract: The traditional spatio-temporal clustering analysis mainly focuses on trajectory data and point events, which is limited in practical

application. In this paper, we proposed a clustering analysis method for multiple spatio-temporal objects based on ST-DBSCAN. We constructed

a novel spatio-temporal distance model to measure the similarity of spatio-temporal objects according to the spatial morphology and existence

time of multiple spatio-temporal objects such as point, line and surface, and provided the determination strategy of spatio-temporal neighborhood

radius. In the aspect of spatio-temporal distance model, we calculated the temporal distance and spatial distance of spatio-temporal object respectively,

S0 as to establish the comprehensive spatio-temporal distance. In terms of parameter determination, we integrated K-dist figure and curve inflection

point calculating method to make the clustering results more reasonable and accurate. The application results of urban road engineering show that

the spatio-temporal clustering method can obtain clustering clusters with high internal spatio-temporal similarity, and effectively integrate all

kinds of road engineering.
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