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Improved Method of Cloth Simulation Point Cloud Filtering for Forest Complex Scene
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Abstract: Aiming at the problem that the global unified filtering parameter setting of airborne LiDAR ground point filtering algorithm is difficult

to meet the classification accuracy of ground points with different terrain features in complex scenes, we proposed a ground point filtering algo-

rithm based on the lowest point median curve to judge the terrain changes and combined with cloth simulation. Firstly, we constructed the median

curve of lowest point of point cloud, and judged the terrain change state by the slope of curve. Then, according to different terrain, we set the

local cloth simulation filtering parameters to realize the accurate classification of ground points. Finally, we obtained the normalized digital

surface model by subtracting the digital surface model and digital elevation model generated by interpolation. The experimental results show that

the accuracy of ground point classification results and normalized digital surface model obtained by the improved method are significantly higher

than that of slope filtering, quadric surface filtering and global cloth simulation filtering.
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