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Abstract: In order to improve the classification accuracy of dynamic integrated algorithm, we proposed a two-stage dynamic integrated

algorithm based on verification set information (TS). Firstly, the classifier accuracy and similarity are limited to change the size of KNN

adaptively, and the samples are classified with better spectral performance preferentially. Then, the priority classification sample is used to

expand the verification set, and the verification set information is fully utilized to increase the accuracy and reliability of classification. We used two

sets of hyperspectral remote sensing image data to verify TS algorithm, and compared with three multi-classifier dynamic integrated algorithms.

The results show that compared with the traditional dynamic integrated algorithms, TS algorithm has better performance, which is useful for

promoting hyperspectral remote sensing image fine classification.
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